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Group Activity Recognition Based on
GFU and Hierarchical LSTM

WANG Chuan-xu, XUE Hao
(Institute of Information Science and Technology ,Qingdao University of Science and Technology ,Qingdao ,Shandong 266001 , China )

Abstract. This paper proposes a group behavior recognition framework with “key persons” as the core and Gated Fu-
sing Unit ( GFU) for feature fusion. Its aim is to solve the following two problems ;1) Group behavior information is redun-
dant, focusing on key person behavior characteristics,ignoring the influence of unrelated personels on group behavior. 2 ) The
internal interaction relationship is complex within group,GFU is used to effectively model interaction feature centered around
the key characters and it is temporally evolved into the group characteristics via LSTM processing. Finally , the group behavior
category is classified with Softmax. The algorithm achieves an average recognition rate of 86. 7% on the volleyball dataset.
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LG, SEIRZE AR 1 i — 2 T, Ui T P R Y
G3AEARVH GFU R R 1 SRR /E F. 8k A Sy oy
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